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Using Propensity Score for Empirical Analysis of Software
Development
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Abstract. On a datasets collected in software development, there are relationships between attributes, and it sometimes causes
spurious relationship. To consider the relationships, we focus on propensity score. Using the propensity score can identify
influence of each attribute separately. Additionally, we pick up calibration of a web-based questionnaire using the propensity

score. This paper discusses application of the propensity score to software engineering research.
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Figure 1 An example of confounding on the software

development dataset.
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